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Exploring consumer behavior through 
user-generated content on TripAdvisor. 
The case of Holguin destination
Explorando el comportamiento del consumidor a través del 
contenido generado por el usuario en TripAdvisor. El caso del 
destino Holguín

Research paper

ABSTRACT

The present study explores consumer behavior of tourists throu-
gh user-generated content by presenting a method that utilizes 
online reviews and text processing techniques in analyzing beha-
vior patterns. The current study examined 7,856 travel reviews 
from TripAdvisor written by international tourists visiting Holguin 
(Cuba) destination. This method includes the overall process of 
converting raw data into useful information, which comprises se-
lection, pre-processing, data mining and interpretation. Data are 
collected from online review platforms rather than from traditio-
nal databases, and the first step is data crawling. Then, unstructu-
red review content is transformed into suitable formats for analy-
sis. The final step is exploratory data analysis, which includes both 
data mining and interpretation. Findings show that the cognitive 
dimension of the experience predominates in consumer’s beha-
vior. The study identifies topics that could be used by destination 
management organizations to promote this destination and hi-
ghlights the advantages of applying a data science approach.
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RESUMEN 

El presente estudio analiza el comportamiento del consumidor 
a través del contenido generado por el usuario, al presentar un 
método que utiliza reseñas en línea y técnicas de procesamien-
to de texto para analizar patrones de comportamiento. Fueron 
examinados 7.856 reseñas de viajes de TripAdvisor, escritas por 
turistas internacionales que visitan el destino Holguín (Cuba). 
Los datos se recopilan de plataformas de opinión online en lu-
gar de bases de datos tradicionales y este contenido no estruc-
turado se transforma en formatos adecuados para el análisis 
exploratorio, que incluye tanto el procesamiento como la inter-
pretación de datos. Los hallazgos muestran que la dimensión 
cognitiva de la experiencia predomina en el comportamiento 
del consumidor. El estudio identifica temas que las organizacio-
nes de gestión de destinos podrían utilizar para promover este 
destino y destaca las ventajas de aplicar un enfoque de ciencia 
de datos.

Palabras clave: Comportamiento del consumidor; Contenido ge-
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INTRODUCTION 

At present, competitive dynamics in tourism industry 
demands an in-depth analysis about the creation of bet-
ter relationships with different marketing environments. 
Customers have been essential for tourism companies. 
However, the technology and globalization impact on 
tourists are not completely understood. The information 
technology advances and the introduction of new com-
munication methods have caused changes in consumer 
behavior, who is constantly seduced by different products 
and companies in competitive environments (Öter, 2018).

In this sense, consumer behavior is generally focused on 
the activities that people do when they search, select, buy, 
consume and evaluate products, services, ideas or expe-
riences that they hope will satisfy their needs or desires. 
Most consumer behavior models include three stages: 
pre-purchase, consumption, and post-purchase. In the 
first stage, potential tourists recognize the need or feel 
some motivation to travel on their vacations, so they look 
for information and evaluate alternatives to plan they trip. 

During the second stage, the tourists develop some 
events and activities they choice in the destination. The 
last stage includes the evaluation of tourist experience 
after trip, which is reflected in feelings of satisfaction or 
disagreement with the products or services consumed. 
The analysis of these sensations after purchase and tou-
rist product consumption is important, because they can 
affect the future consumer behavior related to (re) choice 
or not the destination and in the decision-making of po-
tentials clients with whom the consumer has shared his 
travel experiences (W. Wang & Wang, 2018).

Cohen, Prayag, and Moital (2014) refer that tourism re-
searchers have developed individual concepts, specific 
influences and particular research contexts, without con-
sidering some of these assessments in the general envi-
ronment of travel or tourist behavior. Research concepts, 
influences and contexts can be studied for a specific stage 
(before the visit, during the visit and after the visit). Consu-
mer evaluations are important for future decision-making 
and are essential for tourism managers. Understanding 
consumer behavior is the fundamental propose of marke-
ting management (Kotler & Keller, 2006).

Several studies carried out in recent years address diffe-
rent contexts such as: marketing and hotels (Fetscherin, 

2019; Tan, Lee, Hew, Ooi, & Wong, 2018) food and beve-
rage process (Shin, Im, Jung, & Severt, 2018; Tsai & Wang, 
2017); tourism and travel (Guo, Barnes, & Jia, 2017; Huang 
& Lu, 2017) and tourist destinations (Díaz-Meneses, 2019; 
Jiménez-Barreto, Rubio, & Campo, 2020; Pestana, Parreira, 
& Moutinho, 2020). These studies about consumer beha-
vior in tourist destinations focus mainly on issues such as 
brand authenticity, satisfaction, emotion and motivation 
as key factors for choosing a destination and market seg-
mentation strategies. In addition, these papers refer pers-
pectives such as the impact of the experience quality in 
service and creation of destination image, the influence 
of the millennial consumer brand perception value in the 
destination loyalty, the effect of the cultural intelligence 
of the tourist in his evaluation of the destination and the 
new tendencies in the search for information and its in-
fluence on the loyalty towards the destinations. However, 
the study of post-consumer behavior in destinations, ba-
sed on the integration of its components, is a topic that is 
rarely developed.

On the other hand, companies, which traditionally learned 
about customers' needs, preferences, consumption ha-
bits, and other details by applying market research such 
as surveys, are now learning about customers in new ways 
(Couture, Arcand, Senecal, & Ouellet, 2015). These trans-
formations have produced a change in the company’s 
marketing strategies and business administration (A. Se-
rra Cantallops & Salvi, 2014), especially on the tourism in-
dustry, where it is being used, increasingly, for marketing 
studies and decision-making. 

User Generated Content (UGC) is a new source of data ge-
nerated by potential or actual consumers via the internet. 
It can be found on the web in different ways such as text 
(discussion forums, blogs, etc.), photos, videos, music, au-
dios and other ways that gives users the opportunity to 
create content, interact with each other and share. This 
information exchange contains knowledge, user experien-
ces, as well as opinions about a product, a service or an 
experience and it is considered one of the largest sources 
of big data in this industry (Oum & Han, 2011).

Also, tourists share their travel experiences through im-
portant online platforms in the industry such as TripAdvi-
sor (Guo et al., 2017; Vu, Li, Law, & Zhang, 2019). Online 
travel opinions usually contains opinions of hotels, res-
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taurants and attractions (Fazzolari & Petrocchi, 2018) that 
are fundamental elements that customers consult befo-
re planning their trips and booking tourist destinations 
(Xiang, Schwartz, Gerdes, & Uysal, 2014). These opinions 
are published by consumers who have bought and used 
a product or service, including the consumer's own expe-
riences during consumption, as well as evaluations of the 
product used. They are considered a specific example of 
e-WOM (electronic word of mouth) and it is important for 
customers and brands because the influence on the pur-
chase intention of other consumers. This practice is an es-
sential source of information for post-consumer behavior 
studies today.

Pantano, Priporas, and Stylos (2017) state that “while 
many studies have investigated the effect of online opi-
nions on tourist’s decisions, none have directly investiga-
ted the extent to which open data analyzes can favor the 
tourist response to a certain destination”. In addition, (An-
tonio, Correia, & Perdigão Ribeiro, 2020)) refer that a ma-
jor challenge in tourist destination management is how 
to track the behaviour of tourists. Destination managers 
need to know the details of specific locations visited by 
tourists, what attracts tourists at each location, personal 
reflections on tourists’ experiences and future travel be-
havioural intentions. In general, most current approaches 
are unable to address these issues in a decision-centric, in-
tegrated and comprehensive manner. Most of the existing 
methods for analysing social media data are focused on 
finding answers to specific questions that are predefined 
in their studies and not on developing a general unders-
tanding of tourists’ movement, interests and experiences.
 
The proposed study goes beyond previous studies in the 
use of a methodology to develop and evaluate a new me-
thod of analysis based on big data with significant content 
focused on tourism. The method integrates techniques to 
identify patterns of consumer behavior in a tourist desti-
nation, taking into account the main components of the 
destination. This document specifies the details of the 
proposal that is of value for the strategic planning of des-
tination management and as a tool to support operational 
decision-making. The objectives are to present a gene-
ral framework to analyze consumer behavior in a tourist 
destination through the processing of user-generated 
content and to demonstrate the effectiveness of the pro-
posed method through a case study of Holguin tourism 
destination.

In this article, consumer post-consumption behavior is 
used to refer to tourists' evaluations of a destination's tou-
rist attractions, accommodations and gastronomic activi-
ties. Subjective opinions refer to the sentiments (positive, 
negative) that tourists expressed in the review comments 
about their experience at the visited destinations. Holguin 
destination was selected for the case study because it is a 
popular destination in Cuba. It is the third most important 
tourist destination in the country and also has one of the 
largest tourism projections in the Caribbean.

The analysis of the case study results, which are based on 
approximately 8,000 reviews posted by international tou-
rists about attractions, hotels and restaurants, can provi-
de insights into the general behaviors and perceptions of 
tourists. The proposed method can help researchers and 
tourism practitioners gain comprehensive insights into 
the consumer behavior by utilizing online travel reviews as 
alternative data sources to traditional surveys and ques-
tionnaires approaches. 

The rest of the article is organized as follows. The second 
section provides a review of the literature on the consu-
mer behavior and an overview of consumer behavior stu-
dies in the context of tourist destination. Limitations of 
the existing studies are also highlighted. The third section 
introduces the method used for extracting and processing 
online travel reviews. The fourth section presents the re-
sults of a case study on international tourists visiting Hol-
guin and an analysis thereof, followed by a discussion of 
the practical implications of the research outcomes. The 
article includes the details of study limitations and identi-
fication of avenues for further research.

METHODOLOGY 

This section presents the method of exploring consumer 
behavior based on user-generated content. The use of 
a mixed methods approach from Data Science, especia-
lly Text Mining, Data Mining, and Machine learning, also 
makes it possible for less biased and more consistent 
analysis, uncovering unknown patterns and trends. Whi-
le the algorithms employ the same criteria in all analyzed 
texts, a human analyst can hardly maintain the same stan-
dards and objectives over time (Antonio et al., 2020).

This method includes the overall process of converting raw 
data into useful information, which comprises selection, 

Vol. 18, Nº2, p. 184-194, 2022 Pérez et al.



187Julio - Diciembre 2022

pre-processing, data mining and interpretation. In this case, 
data are collected from online review platforms rather than 
from traditional databases, and the first step is data crawling. 
Then, unstructured review content and metadata are trans-
formed into suitable formats for analysis. The final step is 
exploratory data analysis, which includes both data mining 
and interpretation. A series of analysis are conducted to 
provide comprehensive insights into consumer behavior. 
Figure 1 presents destination review analysis framework; 
the details are presented in the subsequent sections.

Data collection and description

The first step in the framework is to crawl the data from 

the platform. Web crawler software is developed to na-
vigate through the review websites and extract their 
content automatically. In this article was used TripAdvi-
sor (www.tripadvisor.com) as a data source. TripAdvisor 
is a popular travel review site, which features a compre-
hensive database of attractions, restaurants and hote-
ls, with millions of reviews by tourists from all over the 
world. Among the available data on TripAdvisor, review 
text is the most important for this research. Review text 
is the actual comment provided by reviewers after vi-
siting destinations. It contains rich information about 
tourist’s behavior.

Data processing 

Figure 1. Destination review analysis framework

The processing of the data will allow to normalize the en-
tries obtained from the web crawling and facilitate sub-
sequent analysis; however, improper use can lead to the 
loss of important information. Among the most frequent 
techniques used in text mining for this type of processing 
are: tokenization, filtering and stemming.

Text processing is conducted as follows. Each review, is 
first loaded into a text tokenization algorithm, in which 
the stream of text is broken into words, phrases, symbols, 
or other meaningful elements called “tokens.” A filter is 
applied to the tokens to normalize all letters to lower case 
and remove symbols and numbers. The remaining tokens 
are inputted into the stemming module to reduce inflec-
ted words to their stem, base, or root form.

The stemmed words then go through part of speech ta-
gging (POST), where each word is tagged with its corres-
ponding type, such as noun, verb, or adjective. In this 
framework, it was adopted the English lexicon available in 
GATE (http://gate. ac.uk/) for POST. GATE is a widely used 
package for text processing with a large vocabulary data-
base (Vu et al., 2019). Then, words of noun and adjective 
type in a stemmed list for further processing were kept 
and others were discarded. The advantage of this text-pro-
cessing technique is that the researcher can inspect this 
list and select the nouns and adjectives describing at-
tractions, restaurants and hotels for further analysis. This 
technique facilitates the exploration of all possible desti-
nations-related aspects that tourists are interested in or 
concerned about.
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Content analysis

Analysis of the social network. In this step, the social ne-
twork is built from the result of the data processing. It re-
presents the connections between the agents that make 
up the systems to be studied and they have a great wei-
ght in their influence. They are useful in research to study 
emergent behaviors in previously created systems. In this 
investigation, the VosViewer-1.6.10 software was used to 
visualize the network.

Sentiment analysis: Analyzing tourist sentiments expres-
sed in review comments is important for tourism managers 
to gain insightful understanding about the experience and 
subjective opinions of tourists toward the attractions, res-
taurant and hotels services. Platforms, such as TripAdvisor, 
usually provide a rating function, which reflects the ove-
rall sentiment of reviewers. However, detailed sentiment 
information about various aspects of destinations is una-
vailable. Tourists often comment on various aspects about 
their experience in their reviews. Relying on the overall ra-
ting of a review or predefined features is insufficient for an 
insightful understanding about tourist experiences. 

Therefore, this research proposes to analyze the senti-
ment of tourists from online travel reviews at sentence 
level for detailed insights. First it is necessary to separate 
the review into sentences using sentence splitters. Review 
comments are broken into sentences based on a list of 
abbreviations or hand-coded rules to identify the end of 
a sentence. Examples of sentence-end indicators are full 
stop (.), exclamation mark (!), and question mark (?) (Vu et 
al., 2019). The sentiment is finally estimated in the sen-
tences. For this analysis it was used MiningCloud Add-in 
for Excell v-3.5.

A sentence has three possible sentiment labels (positive, 
negative, and neutral). Table 1 lists examples of review 
sentences and their sentiment labels. S1 and S4 express 
positive sentiment of reviewers toward restaurant featu-
res, such as atmosphere, service, and food items. S2 ex-
press negative sentiment toward hotels and S3 is labeled 
as neutral because they mainly include facts rather than 
express any subjective opinion.

Table 1. Example of review sentences and their senti-
ment labels.

ID Comment Sentiment Label

S1 “It is a fantastic place and my favourite  Positive
 restaurant in Holguin" 
S2 “I visited the resort during Christmas Negative 
 I was disappointed with room safe, air
 condition unit and patio door broken" 
S3 “The coach taxi leave me in  Neutral
 central drop point" 
S4 “It is a beautiful restaurant outside  Positive
 with music and a great lasagne" 

RESULTS 

Data collection and description 

The data were collected from TripAdvisor with the data 
extraction and web crawler software described in the 
methodology section. In carrying out this step a specific 
crawling technique was used, which is applied in studies 
that involve web mining, because only files on a specific 
topic were selected, thus reducing network traffic. The 
data were selected using two ways: web crawling and an 
API access (Application Programming Interface). This data 
includes reviews generated by consumers on TripAdvisor.
The data collection was focused on attractions, hotels and 
restaurants located in Holguin tourism destination, one 
of the most popular tourist destinations in Cuba. The sof-
tware navigated through the listed attractions, hotels and 
restaurants in Holguin tourism destination to extract the 
reviews and associated information about the reviewers. 
The data extraction software was employed in December 
2020, navigating through the web sites and collecting 
approximately 8,000 review comments. 

The type of content that was selected for the study were 
opinions, of which there are a large number in the destina-
tion. Reviews written in English were chosen considering 
the availability of specialized tools for the analysis of natu-
ral language processing techniques. Furthermore, 70% of 
the total reviews were written in this language. The time 
frame selected for the data extraction was January 2015 
until January 2020.
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Once the content segment to be studied had been selec-
ted, the sample was determined. In this case, the population 
is taken for the analysis, as explained in  García-García, Re-
ding-Bernal, and López-Alvarenga (2013), since it fulfills the as-
sumption of 100% representativeness and it is possible to ca-
rry out its extraction and analysis by using specialized software. 
It covers all the reviews, written in English, generated by custo-
mers about the most representative components of Holguin 
tourism destination, in the period January 2015 - January 2020. 

TripAdvisor is an open platform, in which any registered 
user can post travel reviews. Reviews posted by local re-
sidents was removed, given that international tourists are 
the focus of this analysis. 7,856 reviews were left, posted 
by international tourists for 15 attractions, 15 restaurants 
and five hotels, as shown in Table 2.

Table 1. Example of review sentences and their senti-
ment labels.

Components No. of  No. of No. of reviews/
 components reviews No. of components

Hotels 5 6364 1272.85
Restaurants 15 447 29.82
Attractions 15 1043 69.53

Figure 2 shows the distribution of reviews by year. Most 
of the reviews were posted since 2018, and the number 
of reviews has been increasing in recent years. The fast 
growing number of reviews is probably due to the availabi-
lity of review websites and the change in tourist behavior 
in information search and sharing about travel (Vu et al., 
2019). Given that the data set is relatively new, the whole 
data set was considered in this case study.

Figure 2. Destination review analysis framework

Data processing

Tokenization: In this step, a pre-processing of the extrac-
ted text is carried out, which is developed in three mo-
ments, tokenization, filtering and stemming, using the 
NLTK natural language processing library, also developed 
in Python, which some of the languages supported by de-
fault are: English, Spanish, German or Portuguese. Then 
punctuation marks, special symbols and characters that 
do not constitute text were eliminated in the comment, 
so that tokenization allowed each opinion to be fragmen-
ted into a set of phrases and keywords, finally obtaining a 
list of tokens. 

Filtering: After the tokenization process, the data was fil-
tered based on the grammatical elements criteria, which 
made it possible to reduce the definitive list of tokens to 
nouns and adjectives, as well as to eliminate most of the 
stop words. Those tokens that were not significant for the 
future classification of the text (articles, prepositions, nu-
merals or symbols) were removed from the previously ge-
nerated list.

Stemming: Finally, the stemming process is developed. 
With the application of this technique, it was possible to 
further reduce the defined tokens, since the terms deri-
ved from the same word were associated in a single token, 
thus avoiding linguistic variations.

From the data processing, a set of relevant information 
was obtained to carry out different analysis. The definitive 
token list covers a total of 701,568 keywords, which are 
distributed by reviews of each component of the destina-
tion, 87,347 correspond to attractions, 603,984 to hotels 
and 10,237 to restaurants. In some cases, it was not pos-
sible to eliminate all stop words due to the existence of 
spelling errors in the reviews.

Content analysis

Analysis of the social network

In this step, the results of the analysis of comments are in-
terpreted. Hence, the social network was used in order to 
understand the most co-occurring words, their density in 
relation to the number of comments of each component 

Vol. 18, Nº2, p. 184-194, 2022 Pérez et al.



190 Volumen 18. Nro 2

and the interactions between them and thus define the 
main nodes.

From this information it is possible to identify that accor-
ding to the perception of consumers regarding the cog-
nitive element of the image, beach, hotel and food stand 
out as attractive. However, when analyzing the social ne-
twork and the comments in depth, it is perceived that 67% 
of the comments concerning the beaches do not refer to 
them properly, but are allusive to the hotels surroundings, 
generating a wrong image of the attractiveness for those 
who, when reading the comments, try to get a valuation 
of the place. 

Regarding the affective aspect, the attractions of the des-
tination are considered pleasant places where the quality 
is good and the staff's assessment varies according to the 
site. In the case of hotels, among the main terms associa-
ted with this component that appear in the 6364 reviews, 
the following stand out: hotel, room, beach, food and bar. 
Most of the reviews address elements of the catering ser-
vice and room cleaning.

Furthermore, beaches and hotels are identified as a re-
levant factor in the destination image. This information 
shows that beaches and hotels are one of the main attrac-
tions of Holguin tourism destination, given that it is what 
tourists highlight the most in their reviews. In the case of 
restaurants, its main cognitive dimensions are related to 
consumer’s perception of food, meal, service, staff and 
place. Even more, its affective dimension is positively rela-
ted to the staff and the place.

Overall, six nodes are identified at the destination, as 
shown in figure 3, which represent the global semantic 
network. The first cluster, "hotels and restaurants" is the 
most representative of the destination and its main cog-
nitive elements are: hotel, restaurant, food, drink, staff 

and time, which are essential factors that tourists consi-
der during the valuation of the destination. The internal 
relationship established in this community is the largest 
in the semantic network. On the other hand, in clusters 
two, three and four, different variables are interrelated, 
the most important according to their density are expe-
rience and holiday, which are linked to hotel, restaurant, 
food, among others. In the case of nodes five and six, the 
least relevant are considered in terms of density and in-
terrelation between variables, in them there are isolated 
dimensions related to attractions and emotions. It can 
also be concluded that the cognitive dimension of the 
experience prevails over the affective dimension accor-
ding to its presence in the comments studied. Likewise, 
hotels and restaurants predominate as the most impor-
tant components.

Sentiment analysis 

For the sentiment analysis, two practices were combi-
ned, automatic processing, performed through the Mi-
ning Cloud Add-in for Excel v-3.5 software, and human 
processing to maximize the efficiency and precision of 
several results. The reviews were classified through the 
Mining Cloud according to three levels: positive, negati-
ve and neutral, and the subjectivity / objectivity of the 
review and its irony were also considered as another 
indicator.

As shown in figure 4, positive opinions predominate in the 
destination (73%), being the number of negative (17%) 
and neutral (10%) reviews the least significant. However, 
regarding the Agreement / Disagreement indicator, 44% 
of the positive comments with internal contradiction in 
the content stood out, due to the fact that the tourists 
expressed negative feelings or disagreement with some 
product or service of the destination in some sentence of 
the review.
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Figure 3. Global semantic network

To explore into the variables that consumers associated 
with both polarities, an assessment of the frequency of 
keywords was carried out, showing that the most repre-
sentative items in negative comments are room, hotel, 
staff, place, food, buffet and holiday. In this case, the com-
ponents that are most affected are hotels and restaurants. 
Another element that stands out in the opinions is the 
making of comparisons by consumers between the times 
they have visited the destination, highlighting the second 
time with the highest number of negative comments. 

Figure 4. Destination review analysis framework

DISCUSSION AND CONCLUSIONS

The attractions, hotels and restaurants are essential com-
ponents of tourism, and tourism practitioners need to know 
the preferences of tourists to enhance their strategic plan-
ning and decision making. The behavior of tourists is com-
plex and varied across different nationalities and cultures. 
Specific information about consumer behavior is also im-
portant to tourism practitioners and destination managers 
for devising their marketing and management plans.

Some previous studies are unable to address the needs 
of tourism practitioners and destination managers com-
prehensively because of the limitations of traditional data 
collection and analysis approaches. To address the exis-
ting barriers, this article presents a method that employs 
online travel reviews to study the behavior of tourists in a 
destination. The advantage of the proposed method is the 
capability of directly analyzing the online textual review 
comments to capture and explore rich information they 
contain. 
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In addition, the proposed approach provides more insi-
ghts into the consumer behavior and opinions of tourists 
than prior works using online reviews (Miah et al., 2017) 
because textual reviews are analyzed and detailed infor-
mation about the subjective opinions of tourists can be 
explored by sentiment analysis, which is effective in asses-
sing tourist satisfaction and identifying shortcomings for 
future improvement.

Fundamental and important insights into tourist’s beha-
vior in terms of preferred attractions, hotels and restau-
rants, and their subjective opinions can be obtained effi-
ciently. The proposed method can be applied to big data 
set for large-scale studies owing to the automation of 
data collection and utilization of software tools and APIs 
for data preprocessing, which allows for convenient sub-
sequent statistical analysis. The effectiveness of the pro-
posed method is demonstrated in a case study on Holguin 
tourism by using a large-scale data set.

The case study demonstrates the capability of large-sale 
online reviews in capturing comprehensive information 
about tourists’ preference. Rather than using existing 
approaches to data collection (e.g., survey and question-
naire), this study employs online review data supported by 
text processing techniques. The analysis is carried out on 
a large-scale data set to provide a comprehensive unders-
tanding of tourists’ preferences in terms hotels, attrac-
tions and restaurants. The result of this study has practi-
cal for destination management organizations, given the 
importance of the analysis of post consumption tourism 
behavior. 

Findings from this study can help tourism enterprises to 
identify the elements affecting online tourism reviews 
and find correlations between them. This information 
extracted from the opinions is important to improve the 
commercial management of the destination and identify 
competitive advantages of the organizations (Fang, Ye, 
Kucukusta, & Law, 2016; Miguéis & Nóvoa, 2017). With this 
approach, companies can better and more accurately un-
derstand user needs and improve their quality of service. 

Furthermore, text mining is a knowledge discovery pro-
cess with which managers can design branded advertise-
ments and develop themes that meet consumer demand, 
thus increasing their willingness to buy and providing a 
better experience for tourists.

The use of big data tools by tourist managers is conside-
red a key element for destination management because 
the systematization and analysis of this content allows a 
reduction in the time, effort and money spent on image 
formation by of tourism managers. This image of the des-
tination that is formed by means of the content generated 
by the user has a greater reach and a high speed of pro-
pagation, given the visibility and the possibility of sharing 
information and data should be used as a beginning point 
for specific policies of tourism managers, who, knowing 
how the image is perceived, can invest their resources in 
emphasizing certain segments, improving others and in-
vesting in points of the destination with unexploited tou-
rist potentials.

In terms of technical limitations, the text-processing fra-
mework is mainly designed for reviews in English. Specific 
text-processing techniques and language lexicon should 
be further investigated to process reviews from other 
languages. Future studies can investigate other tools to 
better support sentiment analysis of review comments in 
other languages. It is worth mentioning that review websi-
tes, such as TripAdvisor, do provide API for direct access to 
their data. However, the data collected via TripAdvisor API 
are subject to its own terms and conditions, which may 
have restrictions on data analysis and result publication. 
Researchers and business managers are suggested to get 
themselves familiar with the terms and conditions before 
carrying out their research using TripAdvisor API, and be 
familiar with potential restrictions for using the alternative 
web crawling approach presented in this study.

The proposed method is a general analysis framework 
applicable to data from review websites other than TripAd-
visor. Future research can consider combining review data 
from multiple travel platforms to obtain representative 
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results and analysis. Text processing tools and sentiment 
analysis API for languages other than English can be inte-
grated into our framework for destination reviews written 
by tourists from non-English-speaking countries.

Future study can investigate other sophisticated text mi-
ning techniques to extract patterns according to specific 
needs from the processed data resulted from our fra-
mework. Apart from text, photos can provide insights into 
tourists’ own experience and specific interests. Future re-
search can focus on developing techniques for analyzing 
photos together with the review comments for in-depth 
understanding. In this work, the main focus was on tou-
rists who traveled to a tourism destination.
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